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Abstract

We present new results concerning threshold functions for a wide family of ran-
dom intersection graphs. To this end we improve and generalize the coupling method
introduced for random intersection graphs so that it may be used for a wider range
of parameters. Using the new approach we are able to tighten the best known results
concerning random intersection graphs and establish threshold functions for some
monotone properties of inhomogeneous random intersection graphs. Considered
properties are: k-connectivity, matching containment and hamiltonicity.

1 Introduction

Since their introduction by Karonski, Scheinerman, and Singer—Cohen [14] random in-
tersection graphs have been attracting attention due to their interesting structure and
wide applications. The random intersection graph model appears in problems concerning
for example “gate matrix layout” for VLSI design (see e.g. [14]), cluster analysis and
classification (see e.g. [12]), analysis of complex networks (see e.g. [2, 9]), secure wire-
less networks (see e.g. [4]) or epidemics ([8]). Several generalizations of the model have
been proposed, mainly in order to adapt it to use for specific purposes. In this paper we
consider the G (n,m,p) model studied for example in [1, 3, 7, 15]. Alternative ways of
generalizing the model defined in [14] are given for example in [9] and [12].

In a random intersection graph G (n, m,p) there is a set of n vertices V = {vy,...,v,},
an auxiliary set of m = m(n) features W = {w1,..., W)}, and a vector p = p(n) =
(P15 - - Pm(ny) such that p; € (0,1), for each 1 < 7 < m. To each vertex v € V we
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attribute a set of its features W (v) C W such that for each i, 1 <i < m, w; € W(v) with
probability p; independently of all other features and vertices. If w € W (v) then we say
that v has chosen w. Any two vertices v,v" € V are connected by an edge in G (n, m,Dp)
if W(v) and W (v') intersect. If p(n) = (p,...,p) for some p € (0,1) then G (n,m,p) is a
random intersection graph defined in [14]. We denote it by G (n, m,p).

The random intersection graph model is very flexible and its properties change a lot if
we alter the parameters. For example G (n, m, p) for some ranges of parameters behaves
similarly to a random graph with independent edges (see [11, 17]) but in some cases it
exhibit large dependencies between edge appearance (see for example [14, 19]). It was
proved in [18] that in both cases G (n, m,p) may be coupled with a random graph with
independent edges so that with probability tending to 1 as n — oo, a graph with indepen-
dent edges is a subgraph of G (n, m, p). It is also explained how this coupling may be used
to obtain sharp results on threshold functions for G (n,m,p). Such properties as connec-
tivity, a Hamilton cycle containment or a matching containment are given as examples.
In general, the coupling technique provides a very elegant method to obtain bounds on
threshold functions for random intersection graphs for a large class of properties.

The result presented in [18] is not tight for some values of n, m and p. Therefore
it cannot be generalized in a straightforward manner to G (n,m,p) with arbitrary p(n).
In particular the method does not give sharp results for np tending to a constant. In
this article we modify and extend the techniques used in [18] in order to overcome these
constraints. First of all, to get the general result of this paper, we couple G (n, m,p) with
an auxiliary random graph which does not have fully independent edges. Therefore we
need to prove some additional facts about the auxiliary random graph model. Moreover
we need tight bounds on the minimum degree threshold function for G (n, m,p). Due to
edge dependencies, estimation of moments of the random variable counting vertices with
a given degree in G (n,m,p) is complicated. Therefore we suggest a different approach to
resolve the problem. We divide G (n, m,p) into subgraphs so that the solution of a coupon
collector problem combined with the method of moments provide the answer. The new
approach to the coupling method allows us to obtain better results on threshold functions
for G (n,m,p) and through those means resolve open problems unresolved in [18].

In conclusion, we provide a general method to establish bounds on threshold functions
for many properties for G (n, m,p). By means of the method we are able to obtain sharp
thresholds (for definition of a sharp threshold see Section 1.6 in [13]) for k—connectivity,
perfect matching containment and hamiltonicity for the general model. Last but not least
we considerably improve known results concerning G (n, m, p).

All limits in the paper are taken as n — oo. Throughout this paper we use the
standard asymptotic notation o(-), O(-), Q(-), O(-), ~, <, and > defined as in [13].
By Bin (n,p) and Po (\) we denote the binomial distribution with parameters n, p and
the Poisson distribution with expected value A, respectively. We also use the phrase
“with high probability” to say with probability tending to one as n tends to infinity. All
inequalities hold for n large enough. If it does not influence the reasoning, for clarity we
omit |-| and [-].
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2 Main Results

In the article we compare random intersection graph G (n, m,p) with a union of a random
graph with independent edges G5(n, p2) and a random graph G3(n, p3) constructed on the
basis of a random 3—uniform hypergraph with independent hyperedges. Generally, for any
p=pn) €l0,1]andi=2,...,n,let H;(n,p) be an i—uniform hypergraph with the vertex
set V in which each i—element subset of V is added to the hyperedge set independently
with probability p. G;(n,p) is a graph with the vertex set V and {v,v'}, v,v" € V, is an
edge in G;(n, p) if there exists a hyperedge in H;(n,p) containing v and v’

Before we present the main results of this paper, we introduce some additional no-
tations which will be used repeatedly. Then we will give an intuitive description of the
introduced quantities. This might help understand the main ideas behind the theorems.

Let p = (p1,...,pm) be such that p; € (0,1), for all 1 < i < m. We will use the
following quantities

Sy = ani (1-1=p)"");
i—1

" 1—(1—2p)"
= (1 - —— )
Sy an ( o, )

i: - (- 2 (2.1)
- Di n—1
Sz = np; ( —d-p ) ’
I e R
. /n
Si¢ = ;th(t)pf(l p)" "t fort=2,3,...,n.

By definition, the edge set of G (n,m,p) is a union of edge sets of m cliques. The i—th
clique, 1 < ¢ < m, consists of all the vertices which have chosen feature w;. We will say
that these cliques are forming G (n, m,p). The size of the i—th clique forming G (n, m,p),
1 < i < m, has binomial distribution Bin (n,p;). Moreover cliques (not only their sizes)
are independent. Replacing edge sets of cliques forming G (n, m,p) by sets of (to some
extent independent) edges will be the key idea used in the coupling constructed in the
proof of Theorem 2.1.

The quantity Sy is the expected value of the sum of sizes of these cliques forming
G (n,m,p) which contain at least two vertices. This value, among others, will be crucial
in determining the number of isolated vertices in G (n,m,p). This is because a vertex
in G (n,m,p) is isolated if and only if it is not contained in any of the cliques of size at
least 2. Sy is the expected value of the sum of sizes of all cliques forming G (n, m,p) minus
the number of cliques of odd size. S3 is the expected value of the number of cliques of
odd size with at least 3 vertices (i.e. the number of cliques of odd size, excluding cliques
of size 1). Sy, Sy and S3 are, among others, present in the statement of Theorem 2.1.
In this theorem properties of G (n, m,p) are compared with properties of two other ran-
dom graphs whose edge probabilities depend on S7, S5 and S3. The first graph used in
Theorem 2.1 is a random graph with approximately S,/2 independent edges. The second
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one is Gg (n,pa) U G3 (n, p3) where Gy (n, p2) has approximately (S; — 353)/2 edges and
G5 (n,ps) has approximately 355 edges. The last quantity defined in (2.1) is Sy,. It is
the expected value of the sum of sizes of these cliques forming G (n, m,p) which contain
exactly ¢ vertices. Moreover S/t is the number of features which were chosen by ex-
actly ¢ vertices. Values Sy, t > 2, are mainly used in studying the minimum degree of
G (n,m,p). For a more formal description of the relations between S;, Sa, S3, S1+ and
the sizes of cliques forming G (n, m,p), we refer the reader to (4.5).

In what follows we consider monotone graph properties of random graphs. For the
family G of all graphs with the vertex set V, we call A C G a property if it is closed under
isomorphism. Moreover A is increasing if G € A implies G' € A for all G' € G such
that E(G) C E(G"). Examples of increasing properties are: k—connectivity, containing a
perfect matching and containing a Hamilton cycle. The following theorem is an extension
of the result obtained in [18].

Theorem 2.1. Let p = (p1,...,pm) be such that p; € (0,1), for all 1 < i < m and S,
S, and Sz be given by (2.1). For a function w tending to infinity let

SQ —w SQ — 25227172'

p= - ;
2(3)
51_353_2\/7:971_25%71727 for S3 > /S| and w < Sg/\/?l;
P2 = Sl—w\/;sf(ln_)gsfn—zj for 5'3 _ O(\/E)’ (2.2)
p3 = 3
0, for Ss = O(\/S)).

If S} — oo and Sy = o(n?) then for any increasing property A.

liminf Pr{G; (n,p) € A} < limsup Pr{G (n,m,p) € A}, (2.3)

n—00 n—00
lim inf Pr {G> (n, p2) U G3 (n,p3) € A} < limsup Pr{G (n,m,p) € A}. (2.4)
n—o0 n—00
Remark 2.1. Assumption S; — oo is natural since for S; = o(1) with high probability
G (n,m,p) is an empty graph.
Remark 2.2. The expected number of edges in G5 (n, p3) is asymptotically equal to 3 - Ss.
If S3 = O(y/S1) then by Markov’s inequality with high probability the number of edges
in G3(n,ps) is at most w+/Sy (for any w — o0). Thus Sy = 51 — S3 = 51 + O(w+/S1)
and the bound provided by (2.3) is as good as the one taking into consideration the edges
from G3 (n,p3).

Remark 2.3. The proof of Theorem 2.1 might be simply rewritten (see (4.12)) for S} =
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Q(n?) with

51 e <_m)
2(;) )

1 —exp _51—35%)&;\/5) , for S3>> /S| and w < S3//Si;

2

b2 =

1 —exp ——5126”7))/5) , for S3 = O(V/S));
. 1 —exp (—%), for S3 > /S and w < S3//Si;
p3 = 3

0, for S3 = O(V/S)).

Denote by Cr, PM and HC the following graph properties: a graph is k—connected,
has a perfect matching and has a Hamilton cycle, respectively. We will use Theorem 2.1
to establish threshold functions for Cy, PM and HC in G (n,m,p). By Cr we denote the
vertex connectivity. From the proof it follows that the threshold function for the edge
connectivity is the same as this for Cy.

For any sequence ¢, attaining a limit (possibly +oc) we write

0 for ¢, — —o0;
flen) =1e " fore, = cé€ (—00,00); (2.5)
1 for ¢, — oo.

Theorem 2.2. Let maxicic,, p; = o((Inn)™) and Sy and Sy be given by (2.1).

(1) If Sy = n(lnn + ¢,), where ¢, attains a limit (possibly £o00), then

lim Pr{G (n,m,p) € C1} = f(cn),

n—00
where f(c,) is given by (2.5).
(ii) Let k be a positive integer and a, = 53%2 If
Si=n(nn+ (k—1)Inlnn +¢,),

then

lim Pr{G (n,m,p) € Cx} =

n—oo

0 forc, — —o0 and liminf, ,, a, = a € (0,1];
1 forc, — .

Assumption max;<ic, p; = o((Inn)™!) is necessary to avoid large cliques formed by
vertices which chose the same feature. In the case maxicijc,, p; = Q((Inn)™!), the expected
value of the number of isolated vertices depends more on other properties of the sequence
p = p(n). The problem is explained in more detail in Section 5. Moreover in the case
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liminf, . a, = 0 the value Pr{G (n, m,p) € Cx} depends also on some properties of the
sequence p = p(n). The problem is studied in more detail in the case p = (p,...,p) (see
Theorems 2.5 and 2.6 and their proofs).

A straightforward corollary of Theorem 2.2(i) is that for S; = n(lnn +¢,), ¢, — —o0
and any k=1,2,...,n

lim Pr{G (n,m,p) € C,} =0 and lim Pr{G (n,m,p) € HC} = 0.

Theorem 2.3. Let maxicic,, p; = o((Inn)™1) and Sy be given by (2.1).
If S1 = n(lnn+ c,), where ¢, attains a limit (possibly £00), then

nh_)n()lo Pr{G(2n,m,p(2n)) € PM} = f(can),

where f(-) is given by (2.5).

S1,2

Theorem 2.4. Let maxicic,, p; = o((Inn)™1), Sy and Sy 5 be given by (2.1) and a,, = 5.

If Sy =n(lnn+Inlnn + ¢,), then

lim Pr{G (n,m,p) € HC} =

n—oo

0 forc, — —o0 and liminf, ., a, =a € (0,1];
1 forc, — oo.

Simple corollaries of Theorems 2.2-2.4 give threshold functions for properties in G (n, m, p),
a special case of G (n,m, D).

Corollary 2.1. Let m > In*n and p(1 — (1 —p)" ') = (Inn +c,)/m, where c, attains a
limit (possibly +00). Then

lim Pr{G (n,m,p) € C1} = f(c,)

n—oo

and

lim Pr{G(2n,m,p) € PM} = f(cay,),

n—oo
where f(-) is given by (2.5).
In particular we may state the following extension of the result from [20].

Corollary 2.2. Let b, be a sequence, B and v be constants such that
By(1—e ) =1 If

m = pnlnn  and p:z(l—i-b—n),
n

Inn

where b, attains a limit (possibly £00). Then

lim Pr{G (n,m,p) € G} = f ((1 4 ) bn>

n—o0 1_67

and

lim Pr{G(2n,m,p(2n)) € PM} = f ((1 ;e ) bzn) ,

n—00 1—e7

where f(-) is given by (2.5).
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With some additional effort one may show the following results for G (n, m, p).

Theorem 2.5. Let m > In’n and

Inn+1In (max {1, (fo;f?) }) + ¢,

p(l—(1-p" )= (2.6)

m
Then
0 forc, = —oc;
lim Pr{G (n,m,p) € HC} =
n—00 {9l 2 ' {1 for ¢, — oo.

Theorem 2.6. Let m > In’n, k be a positive integer, and

Inn k=l Inn
_ k-1
an—(np) (<€np—1) +enp_1> .

If
. Inn +In (max{1,a,})+ c,
p(L— (L= p) ) = (mox {1, n}) e
m
then
lim Pr{G (n,m,p) € Cx} = Jor en = =0
n—00 1 forc, — oco.

One of the questions posed in [18] is concerned with the range of m = m(n) for which
the threshold function for Cy in G (n,m,p) is the same as the one for §(G (n,m,p)) > 1
(where by 6(G) we denote the minimum degree of graph GG). Another question is concerned
with the range of m = m(n) for which the threshold function for Cy in G (n,m,p) is the
same as the one for Cy in Gy (n,p) with p = mp®. Theorem 2.6 gives a final answer to
these questions.

Corollary 2.3. Let k be a positive integer. If

Innte, for In®n <« m < nhn.
-1\ __ Inlnn?’
p(l - (1 _p)n ) - {lnrﬁ-(k—’l)lnlnn—i—cn "

m Y

for m = Q(nlnn);

then
lim Pr{G (n,m,p) € Cx} =

n—oo

{O for ¢, — —o0;

1 forc, — oo.

3 Road map of the proofs

The remaining part of the article is organised as follows. Section 4 is devoted to a
construction of a coupling of G (n,m,p) and Gy (n,py) U Gz (n,ps). Later in this section
the coupling is used to prove Theorem 2.1. Moreover in the subsequent sections the
coupling is applied in the proofs of other theorems. In Section 5 we find a threshold
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function for the minimum degree at least k in G (n,m,p). To this end we construct a
coupling of a construction of G (n,m,p) and a coupon collector process. Section 6 is
devoted to presenting properties of Ga (n,p2) U G (n, p3). Results gathered in Sections 5
and 6 are the building blocks of the proofs of Theorems 2.2-2.6. In Section 7 we complete
the proofs of Theorems 2.2-2.6.

The article contains numerous lemmas and partial results which lead to the proofs
of the main results. We will now shortly explain which lemmas are crucial in proving
which theorems. The proofs of all Theorems 2.2-2.6 consist of two parts. The first
part establishes an upper bound on the value lim,,_,o, Pr{G (n,m,p) € A}. The second
part gives a lower bound on lim,, ., Pr{G (n,m,p) € A} (for A being Cy, PM, or HC —
depending on a theorem).

All upper bounds follow by the fact that each of the considered properties impose a
minimum degree condition. Namely, a graph in order to be k—connected has to have the
minimum degree at least k. Moreover, a perfect matching is only possible in a graph
with no isolated vertices (the minimum degree at least 1) and a Hamilton cycle requires
the minimum degree at least 2. Therefore the upper bounds follow by Lemmas 5.1, 5.2
and 5.3 obtained in Section 5.

Establishing lower bounds requires more work, as the minimum degree condition is
necessary but not sufficient. The first step towards proving this part of theorems is an
analysis of the structure of Gy (n, p2) U G3 (n, p3).

As we want to use Theorem 2.1 to show Theorems 2.2, 2.3, and 2.4, we need to find a
lower bond on the value lim,,_,o, Pr{Gs (n, p2) U G35 (n, p3) € A} for A being Cy, PM, and
HC, respectively. A large part of Section 6 is devoted to establishing these lower bounds.
In particular, Lemma 6.1 gives some useful, basic properties of Gs (n,p2) U G5 (n,ps)
which are applied in the proofs of almost all the remaining lemmas of this section, i.e.
also in the proofs of all Theorems 2.2-2.6. These properties, among others, are used
to show lower bounds on lim,_,., Pr{Gs (n,p2) UG5 (n,ps) € A}. These lower bounds
are stated in Lemmas 6.4 and 6.6. They follow by Lemma 6.1, Lemma 6.2, and an
analysis of some couplings discussed in Lemmas 6.3 and 6.5. Lemmas 6.3 and 6.5 provide
properties of graph G(n) for which there exists a coupling such that with high probability
G2 (n,ﬁg) @) G3 (n,ﬁg) - G(n)

Obtaining lower bounds needed in Theorems 2.5 and 2.6 is more complex. In this case
the proofs are based on Lemmas 6.3 and 6.5, some additional properties of G (n, m,p),
and properties of the coupling established in the proof of Theorem 2.1.

4 Coupling

In this section we present a proof of Theorem 2.1. In the proof we use auxiliary random
graph models G; (n, M), i = 2,3,...,n, in which M is a random variable with non—
negative integer values. For i = 2,...,n, G,; (n, M) is constructed on the basis of a
random hypergraph H,;(n, M). H,;(n, M) is a random hypergraph with the vertex set V
in which a hyperedge set is constructed by sampling M times with repetition elements
from the set of all i—element subsets of V (all sets which are chosen several times are added
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only once to the hyperedge set). G.; (n, M) is a graph with the vertex set V in which
v,v" € V are connected by an edge if {v, v’} is contained in at least one of the hyperedges
of H,;(n, M). For simplicity of notation, if M equals a constant ¢t with probability one
or has Poisson distribution, we write G; (n,t) or G,; (n,Po(-)), respectively. Recall that
similarly G;(n, p) is constructed on the basis of H;(n,p) — a hypergraph with independent
hyperedges (see definitions at the beginning of Section 2).

In this article we treat random graphs as random variables. By a coupling (Gq, G3)
of two random variables G; and Gy we mean a choice of a probability space in which we
define a random vector (G/, G}) such that G| and G/, have the same distributions as G,
and G, respectively. For simplicity of notation we will not differentiate between (G, G))
and (Gq,Gy). For two random graphs G; and G, we write

G 2 Gy

if there exists a coupling (G, Gy), such that in the probability space of the coupling Gy
is a subgraph of G, with probability 1. Moreover, we write

Gl = G27

if G; and Gy have the same probability distribution (equivalently there exists a coupling
(G1,Gy) such that G; = Gy with probability one). For two sequences of random graphs
G1 = Gy(n) and Gy = Gao(n) we write

G1 =1-01) Go,

if there exists a sequence of couplings (G1(n), Go(n)), such that in the probability space
of the coupling G4 (n) is a subgraph of Gy(n) with probability 1 — o(1), respectively.

Note that, for any A, in H,;(n,Po(\)) each hyperedge appears independently with
probability 1 — exp(—A/(%)). Thus

G.i (n,Po(N) = G; (n, 1 —exp (—%)) : (4.1)

We gather here a few useful facts concerning couplings of random graphs. For proofs
see [17, 18].

Proposition 4.1. Let M, be a sequence of random variables and let t,, be a sequence of
positive integers.

(i) If Pr{M,, > t,,} = o(1) then G; (n, M,) =1-001) Gsi (n, 1) .

(1) If Pr{M,, < t,} = o(1) then G.; (n,t,) =1-001) G (n, M,,).

Proposition 4.2. Let (G;)i=1,. m and (G})i=1, m be sequences of independent random
graphs. If
G; <G}, foralli=1,...,m,

o= e,
=1 i=1

then
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Proposition 4.3. Let G, = G1(n), Gy = Go(n), and G3 = Gs(n) be random graphs.
If
G1 2i-60) G2 and Gy =1_o01) G3

then
G1 21-00) Gs.

Proposition 4.4. Let Gy = Gi(n) and Gy = Go(n) be two random graphs, such that
G1 =1-0(1) Go. (4.2)
Then for any increasing property A

liminf Pr{G,(n) € A} < limsup Pr {Gy(n) € A}.

n—oo n—o0

Proof. Define event £ := {G; C Gy} on a probability space of a coupling (G, G,) existing
by (4.2). Then for any increasing property .4

Pr{G; € A} > Pr{G, € A|E} Pr{&}
> Pr{G; € A|€} Pr{€}
=Pr{{G,e A} né&}
=Pr{G, € A} +Pr{E} —Pr{{G, e A} UE}
>Pr{G, e A} +Pr{f} -1
=Pr{G, € A} +o(1).

The result follows by taking n — oc. m

In the proof of Theorem 2.1 we will use notations introduced in (2.1). First, we give
a formal explanation of the relations between S;, Ss, S3, and S}, and the sizes of cliques
forming G (n,m,p). In addition we will give some useful simple relations between S;, Ss,
53, and Sl,t'

Let w; € W, 1 < i < m. Denote by V; the set of vertices which have chosen feature
w; (ie. Vi={veV:w € W(v)}). Let

i for |V = 2;
Vi = Vi for] |. (4.3)
() otherwise.
Moreover, for each i, 1 < i < m, let
Xi = |Vil;
Y; = |V/|; (4.4)

Z; = H{YZ is odd}>
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where 4 is an indicator random variable of the event A. Note that X;, 1 < i < m,
are independent random variables with the binomial distributions Bin (n,p;), 1 <i < m.
Therefore by (2.1)

Z ~Ixoy) =E) Y
i=1
Sy = EZ — Iy, is odd}) EZ(Yz — Ity isodd}) :EZ(Y;- —Zy);
B o (4.5)
=1 i=1 i=1
Sl’t - E ZXZ]I{X’:t} = E Z }/;]I{Yz:t} = ]Ezt ' ]I{Xi:t}a fOI' t = 2, 3, oo, n.
i=1 i=1 i=1
Therefore .
5i=350 wd Si- 8-, "
t=2

In addition a calculation shows that, for large n, EY; > 6EZ; (see Appendix A). Therefore
)
653 Sl and 651 < SQ < Sl. (47)

Proof of Theorem 2.1. First we will show (2.4) in the case where S3 > /S;. Then we
will explain shortly how to adjust the proof to prove Theorem 2.1 in the remaining cases.

Recall that the definition of V/ is given by (4.3). For each i, let G[V/] be a graph with
the vertex set V and edge set containing these edges from G (n,m,p) which have both
ends in V; (i.e. its edges form a clique with the vertex set V/). In the proof we will use
the fact that (J", G[V/] = G (n,m,p). First, for each i we will construct a coupling of
G[V/] with an auxiliary random graph and then we will couple a union of the auxiliary
random graphs with G (n,p2) U G (n, p3).

For each 7, 1 < i < m, we construct independently a coupling of G,» (n, %) U
Gus (n, Z;) and G[V/]. Given Y; = y; and Z; = z;, for each i independently, we generate
instances of G, (n, £5°%) and G, (n, 2;). Let Y7 = y/ be the number of non-isolated
vertices in the constructed instance of G (n Yo 3zl) U Gi3 (n, z;). By definition v} < y;.
Set now V; to be the union of the set of non-isolated vertices of the constructed instance
of Gua (n, ¥5%) UGy (n, 2;) and y; — y vertices chosen uniformly at random from the
remaining vertices. This coupling implies

Y, —3Z;
Now let v — 32
MQ = Z % and M3 = Z ZZ
1<i<m 1<i<m
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Graphs G, (n, %) UGus (n, Z;), 1 < i < m, are independent and G[V/], 1 < i < m,
are independent. Therefore by Proposition 4.2, the definition of G (n,m,p), and the

definitions of G,z (n, ) and G,3 (n, -) we have

Gz (n, Ma) U Gys (n, Ms) = U (Gia (n, E24) UGy (n, Z))

1<i<m

= U v
1<i<m

= g (n7 m?]_?) N

By (4.5)

EM, = w and EM; = Ss.

(4.9)

We will prove that M, and M3 with high probability are concentrated around their ex-
pected values. Since for each i, 1 < i < m, X; is a random variable with the binomial

distribution Bin (n, p;) and E(X;I;x,-1}) = El;x,—1; we have

Varzm: Y, = Xm:\/ar (XZ- - ]I{Xizl})
i=1

~
—_

NE

1

<.
Il

(EX; + Elx,—1y — 2Ly} + 2EX;EL(x,_1))

A
NE

1

-.
Il

(EX; — El;x,—1y + 2EX;El{x,—1})

M

-
Il
—

(EY; + 2(np:)* (1 — p)" ")

I

@
I
-

N

(EY; + 3(np; — npi(1 — pi)" 7))

Si.

1

W

=

(VarX; + Varlx,—1y — 2(E(X;l{x,=1}) — EX;El{x,—1}))

1

In the penultimate line we use the fact that, for large n, function (2nz + 3)(1 —z)"~ ' is

decreasing for x € [0,1). Similarly

Var Z Zz = Z Var (H{Xiodd} - ]I{Xizl})
i=1 i=1

m

= Z (Varlyx, oaay + Varlix,—1y — 2(E(Iix, odayLix,=1}) — Elgx; oaayElix,21}))
=1
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Ms

(]E]I{X odd} + E]I{X =1} — 2]E]I{X =1} + QEH{X odd}]EH{X 71})

1

<.
I

Ms

(EL(x; oday — Elix,=1y + 2EIx, oy El{x,=1)
1

<.
Il

'MS

(EX; — El{x,—1} + 2EX;EL;x,1})
1

Sh.

(2

W

=

X

Therefore by Chebyshev’s inequality, for any function w’ = w'(n) tending to infinity

4
S-S >w’¢s_1}<(w,2

Pr {
i=1

75, >w’¢s_1}< (.
w

Pr {
i=1

Thus with high probability for 1 < w’ < S3//Sy
M2 Sl — 353 — 4w’\/S_1

2
M3 2 83 — w’\/ Sl.

Note that (4.7) and w’ < S3/+4/S7 imply that r.h.s. is positive for large n.
Therefore by Proposition 4.1 and (4.9)

G., (n’ Sy —3532—4w \/S_1> UG,s (n,S3 _w/\/5_1>

= o(1), (4.10)

V

Y

jg*)o(l) G*Q (n, MQ) U G*?) (n7 M3> j g <n7 ma]_?) : (411)

We may assume that in the above coupling G.» (n, M) and G,3 (n, Sz — W' Sl)
are independent. The main reason for this is the fact that even though M, and M; are
dependent (i.e. also Gy (n, M) and G.s (n, M3) are dependent), the choices of hyper-
edges of H,;(n,-) (related to G,; (n,-)) in distinct draws are independent. We describe
the coupling () below.

Set m, = M and ms; = S35 — w'y/S;. We construct the coupling (*) from
(4.11) in the following way. Assume we have independent instances of H,o(n, m5 ) and
H.s(n,m3) (ie. Gy (n,my) and G,z (n,m3)). Moreover let Ms = my and Ms = ms.

— If my > mg (or mg > mg resp.) then we perform ms — my (or ms — my ) addi-
tional draws and add hyperedges to Hia(n, my ) (H.3(n,m3) resp.) to get an instance of
Gua (n, My) (Gus (n, M3) resp.) with My = mgy (M3 = mg resp.).
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— If my < my (m3 < mg resp.) then we delete from Hio(n,my) (Hys(n,my) resp.)
hyperedges created by the last draws to get exactly m;, ¢ = 2, 3, draws.

Let M and M be independent random variables with the Poisson distributions

(Sl - 353 — 5&)/\/?1
Po

5 > and Po <Sg — 2w’/ Sl> , respectively.

Then by a sharp concentration of the Poisson distribution

Pr{Mé < 51 —3532—4w \/S_l} =1—-o0(1) and

Pr {Mé < S3— w’\/S_l} =1-o0(1).

Therefore by Proposition 4.1 and (4.1)

S1—3S3—5w’ /5]

( ) (=5)
Gy | n,1—e (3) UG3 | n,1—e

()
= G (1, ML) U Gus (n, M2) (4.12)

_ 4
=1-0(1) G2 (n, % 3532 d \/§1> UG,s (n, Ss — W' Sl)

jl—o(l) g (’I’L, mu]_?) .

T

Forx > 0wehavel —e ™ > x — ‘%2, therefore

5,385 — 505 — 2F <_313523(5)wx/§>
p2I 2(n) n <1_€ n ’
2
Sy — 2w'/S; — 352 <_s¢s*>
Ps S - W(n)1 oLl —e (3)
3

Therefore using standard couplings of Gy (n, ) and Hs(n,-) finally we get

G2 (naﬁQ) U G3 (nvﬁ?))

<sl3s35w’\/§> <s32w/\/§>
<Gy (n,1—¢ (%) UGs [n1—e\ (B

G, (n, Po (5'1 — 353 — b’ S1>) UG, (n, Po <5’3 — 2w'\/5_1)>

2

(4.13)

jl—o(l) g (TL, m)ﬁ) :

The result follows by Propositions 4.3 and 4.4.
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An analogous reasoning gives (2.3) and (2.4) in the case S3 = O(+/S}). One need to
replace (4.8) by

Gio (n Yo 5 Z) < G[V/] and G, (n, @) =< g[vi],

respectively, and modify the proof accordingly. ]

5 Vertex degrees in G (n, m,p)

For any graph G denote by 6(G) the minimum vertex degree in G.

Lemma 5.1. Let ¢, be a sequence of real numbers such that ¢, attains a limit (possibly
+00), p= (p1, ..., Pm) such that max,cicm pi = o((Inn)™Y), and Sy be given by (2.1).
If
Sy =n(lnn+c,)
then
lim Pr{d(G (n,m,p)) > 1} = f(cn),

n—o0

where f(-) is given by (2.5).

Note that the condition maxic;<,, p; = o((Inn)~') is necessary. Otherwise the number of
vertices of a given degree depends more on the fluctuations of the values of vector p. For

example let m = n? and p = (p1,p2, - -, Pm) equal
( by, b, 1 1 )
—_— ., — or
Inn Inn nm nm
~—

Inn(lnn+cp)/bn

/1nn+cn llnn—l—cn
Vinn’ nm nm

for some b, c, = O(1). In both cases

— ani (1 — (1 — pi)n_1> = n(lnn +c, + 0(1))

On the other hand the expected number of vertices of degree 0 in G (n,m,p) is

a1 =) +p =) =T [(( = nil1 — (= p)*),

since a vertex v is isolated if for each 7, 1 < i < m, v does not choose w; or v chooses w;
but no other vertex does. Therefore this expected value equals

by

(1+o0(1))exp (—cn — 3) or (14 o0(1))exp(—cy),

respectively.
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Lemma 5.2. Let ¢, be a sequence of real numbers, k be a positive integer, and p =
(P1y- - Pm) such that maxicicm pi = o((Inn)~t). Moreover let Sy and S1y4, t = 2...,k,
be given by (2.1).

(1) If
Si=n <lnn+ (k—1)In (max{l, (% lnn) }) + cn)
1
then
li_)m Pr{o(G (n,m,p)) 2k} =0 forc, — —o0.
(ii) If
: S
St — ;SM =n (lnn + (k—1)In <max {1, (SLflnn) }) + cn)
then

lim Pr{d(G (n,m,p)) 2k} =1 forc, — cc.

n—oo

Here and in the proof we assume that Zf::g St =0.
If we assume that p; = p = p(n), for all 1 < i < m, then with a little more work the
result of Lemma 5.2 may be improved.

Lemma 5.3. Let p = p(n) € (0,1), k be a positive integer, m = m(n) be such that

m > In*n, and
_ k-1 _
B b1 e "lnn e "Plnn
o () ).

If
e Inn + In (max{1,a,})+ c,
p(1—(1—p)h) = ma L an})
then
lim Pr{6(G (n,m,p)) > k} = {° 1o én > 700
n—00 T P)) 2 N 1 fO’I”Cn—>OO.

Proof of Lemma 5.1. Assume first that ¢, = Q(lnn) and ¢, > 0, for large n. Then
for any ¢/, = o(lnn) there exists ' = (p),...,p),) such that p, < p;, for all 1 < i <
m, and >_." npi(l — (1 —pi)"') = n(lnn+d,) (as f(x) = z(1 — (1 —2)" ') is a
continuous, increasing function for z € (0,1)). Therefore G (n,m,p’) < G (n,m,p) and
Pr {8(G (n,m, 7)) > 1} < Pr{3(G (n,m,p)) > 1}.

Now assume that ¢, = Q(Inn) and ¢, < 0, for large n. Then for any ¢, = o(Inn
we may find p = o((Inn)~!) and m’ such that m'np(1 — (1 — p)"~ ') = n(c, — ¢,). L
7 = (Pis- - Phipy) be such that pj = p;, for 1 < i < m and p; = p, form +1 < i
m+m’. Then Y ;" npi(1 — (1 —p))* ) =n(lnn+d,), G(n,m,p) < G(n,m+m',p
and Pr{0(G (n,m,p)) = 1} < Pr{é(G(n,m+m/, 7)) > 1}.

Therefore we may restrict ourselves to the case ¢, = o(Inn).

~—

=N 2X
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Imagine an experiment consisting of an infinite sequence of draws. In each draw we
pick independently and uniformly at random one element from the vertex set V. If a
vertex is picked in the i-th draw we call it collected in the i-th draw. The outcome of the
experiment is an infinite sequence with elements from the vertex set V. We will call this
experiment the vertex collector process.

Moreover assume that independently we pick a vector

(Y1,Ys, ..., Y5

chosen so that Y; are independent random variables with the distribution of the random
variables defined in (4.4).
Now we will construct an instance of G (n,m,p) basing on those two random inde-

pendent incomes. In fact we will construct a random family of sets {V; : ¢ = 1,...,m}
with |V/| =Y, for all i = 1,...,m, which is equivalent to constructing an instance of
G (n,m,p).

Set a vector
(}/17}/27"‘7Ym) - (y17y27"'7ym)‘

Now, independently, we create an infinite sequence of draws described above. We divide
this sequence of draws into subsequences. We will call them phases. In the first phase we
perform as many draws as necessary to collect y; distinct vertices form V. We set V| to
be the set consisting of the vertices collected in the first phase and 77 to be the number
of draws made in the first phase. Then we continue and in the second phase we perform
as many draws as needed to collect yo distinct vertices from V. Note that the number
of draws and vertices collected in the second phase are independent of the first phase.
As before VJ is the set of collected vertices and 7% is the number of draws in the second
phase. We continue in the same manner till the m-th phase. After constructing V., we
proceed with draws without constructing any other sets.

Note that sets V/,..., V. constructed in this manner are independent, their sizes are
independent random variables Y7, ..., Y},, and each V/, 1 < i < m, is chosen uniformly at
random from all subsets of V of size Y;. In the coupling of the vertex collector process and
the construction of G (n, m,p) described above, the construction of G (n,m,p) is finished
in Y ", T; draws. Now we will prove that for some T_ = T_(n) and T} = T%(n) with
high probability

<) T< T
i=1
The values T_ and Ty will be specified later on. Recall that by (4.10), for any 1 < w <

VSi/Inn,
PI‘{Sl —LU\/Sl < ZY; < Sl +CL)\/51} =1 —0(1)
=1

Therefore we are left with studying the random variable

Y Li=) Yi=) (i-Y).
=1 1=1 =1
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IfY; =y, =0then T; = 0 and T; — Y; = 0. Assume now that Y; = y; > 2. If, in the i—th
phase, we have already collected j < y; vertices then the number of draws to collect the
j + 1-st vertex has geometric distribution with parameter “=

. Therefore
yi—1 n
ET, = - .
(=)

J=0

and

—o "t
yi—1 .
_ J
=0 "/
i—1 25 i(yi—1
< gzo%:% for 2 <y, <n/2;
nlnn for y; > n/2.

Moreover, for large n,

Thus

n/2
vilyi — 1) (n\ . n )
E(T; -Y;) < —_— i1l —p)" Y 1 P{E}—}éQ c
( ) yE_2 - ( ’>pz (1—p)" ¥ +nlnnPr 5 np;

Therefore

m 1
— Z 2 max {pi, —} min{np;, n’p; }
- n

1) 1 .
<4max{p1,...,pm,ﬁ}z§mln{npi,nzpzz}

i=1

. (IL) zp (1— (1= p)™ )

(5
n Inn/’

where S is defined by (2.1). In order to get the penultimate line consider two cases
p(n—1)<1/2and p(n—1) > 1/2.
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Moreover by Markov’s inequality for any w

Pr{Z(I} -Y) > wiin} <E (Z(Ti —Yi)) wg”

i=1 i=1

Therefore with high probability

e Sl Sl
(T, - Y) < —— forany 1 K w < T : (5.1)

izz; wlnn (Inn B, (T — V7))

This combined with (4.10) gives that with high probability
i=1
where S
T_ =8 —wy/S: and T, =S5 +w\/S + 11
wlnn

for some 1 < w < min{S;/(Inn E"",(T; — Y;))),+/Si/Inn}. Therefore with high
probability the number of draws needed to construct G (n,m,p) is between T_ and T';.

Now we will describe a relation between the minimum degree of G (n,m,p) and the
number of collected vertices in the first 7 and 7', draws. If the construction of G (n, m,p)
is finished between T_ and T, draws and each vertex has been collected at least once in
the first 7 draws then there is no isolated vertex in G (n, m,p). Moreover the number of
isolated vertices in G (n, m,p) is at least the number of non collected vertices at time T, .

In the probability space of the coupling of the vertex collector process with the con-
struction of G (n,m,p) define events:

A_  — all vertices are collected in at most T_ draws;
A, — all vertices are collected in at most T’y draws;
A= 0(G(n,mp)) =1

B

Recall that 6(G (n,m,p)) > 1if and only if all vertices are collected before the construction
of G (n,m,p) is finished. Therefore

the construction of G (n, m,p) is finished between T"_-th and T',-th draw.

A NBCANBC A _NB.

This implies
Pr{A,} - Pr{B} < Pr{A} <Pr{A_} +Pr{B}, (5.3)

where for any event C we denote by C¢ its complement.
Let S; =n(lnn + ¢,), then

Ty =n(lnn + ¢, + o(1)).
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By the classical results on the coupon collector problem [10], if ' = T,, = n(Inn + d,,),
d, — d € [—00,400], then the probability of the event that all vertices are collected in
at most 1" draws tends to f(d,) as n — oo. Therefore

Pr{A_} ~ Pr{A.} ~ f(c.).

Moreover by (5.2)
Pr{B} = o(1).

Thus the lemma follows by substituting the above values to (5.3). O

The proofs of Lemmas 5.2 and 5.3 rely on couplings with the vertex collector process
similar to the one used in the proof of Lemma 5.1 and a technique of dividing G (n, m, D)
into auxiliary subgraphs. We will give here the idea of the proofs of Lemmas 5.2 and 5.3
and present technical details in Appendix B.

First we gather some simple facts concerning the division of G (n,m,p). Let k > 2 be
an integer. For each 2 <t < k, let G; (n,m,p) be a random graph with the vertex set V
and edge set consisting of these edges from G (n, m,p), which are contained in at least one
of the sets {V; : |Vi| = t}, where V; is defined as in the proof of Theorem 2.1. Moreover
let Gori1 (n, m, D) be the subgraph of G (n,m,p) containing only these edges which are
subsets of at least one of the sets {V; : |[Vi| > k + 1}. We also define G4 (n,m,p) to be
the subgraph of G (n,m,p) containing only these edges which are subsets of at least one
of the sets {V; : |V;| # t}. Then, for any k and 2 <t < k

k

g (7’L, m,T?) = U gt (TL, m?ﬁ) U g?’f-i-l (na mjl_?) = git (TL, mvﬁ) U gt (TL, m7ﬁ) .
t=2

Let

Qu=> Iy forallt =2k
=1

m m k
Q41 = Z Yilyspt1 = Z Y, — Z tQy; (5.4)
=1 =1 t=2
Qu =) Yilyu =Y Yi—1Q.
=1 =1

By definition @), 2 < t < k, is the number of features which have been chosen by
exactly ¢ vertices, i.e. the number of cliques forming G (n,m,p), which have exactly ¢
vertices. Thus @Q;, 2 < t < k, is also the number of cliques forming G; (n,m,p) i.e.
Gt (n,m,p) = Gy (n, Q) (where Gy (n, -) is defined at the beginning of Section 4). More-
over by (4.5)

Sue forallt=2,... k.

==
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Moreover Q>4 is the sum of sizes of the cliques forming G (n, m,p) which have at least
k + 1 vertices, i.e. the sum of sizes of the cliques forming Gj1 (n,m,p). Therefore by
(4.5) and (4.6)

k
EQsk1 = 51— Y Sis.
t=2

Last but not least, the expected value of the sum of sizes of the cliques forming G, (n, m,p)
is

EQxz = 51— 51

Forall 1 <t <k, @ is a sum of independent Bernoulli random variables and S; ; < .54
(see (4.6)). Therefore by Chebyshev’s inequality and by (4.10) for any w — oo with high
probability

max{O,w}thgw, forallt=2,3,...,k (5.5)
k

Qori1 = 81— Y Siy — kwy/Sh, (5.6)
t=2

S1—S1t = 2w/ 51 K Qpt ST — 514 +2w\/ 5, forallt =2,3,... k. (5.7)

Moreover, for any ¢t = 2,3,...,k, if S;; — oo then with high probability

St — S S1t+wy/S
1,¢ f: 17t<@t< 1,t ‘: 17t' (5.8)

Now we are ready to give sketches of the proofs of Lemmas 5.2 and 5.3. Technical details
of the proofs are presented in Appendix B.

Sketch of the proof of Lemma 5.2 (i). We prove the lemma in the case ¢, = o(lnn) and
an = S12/51 > 1/1Inn, ie. S12 — oco. In the latter cases the result follows by Lemma 5.1.
We use the division G (n,m,p) = Ga (n, m,p)UG.s (n,m,p). If there exists a vertex which
is isolated in Gz (n, m, p) and has degree at most k—1 in Gy (n,m,p) then 6(G (n,m,p)) <
k — 1. In order to bound the number of vertices which are isolated in G5 (n,m,p) and
have degree at most k — 1 in Gy (n, m,p) we will use a coupling.

First of all, note that using (5.8) and the same technique as in the proof of Theorem 2.1
we may show that

Si2 4+ 2wy/S12

Ga (n,m,p) Z1-o1) G2(n, p2y) Wwith  ppy = m

2(3)

Moreover we may construct a coupling of the vertex collector process described in the
proof of Lemma 5.1 and a construction G4, (n,m,p). This coupling is analogous to the
one described in the proof of Lemma 5.1. The only change is that during the construction
of G (n,m,p) we omit phases related to the cliques of size 2. By (5.1) and (5.7) with high
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probability the construction of G, (n, m,p) takes at most Ty = Sy — Sy 9+ 2w+/S1 + w%n
draws in the vertex collector process.

The only problem might be caused by the dependency between graphs G, (n, m,p) and
G2 (n,m,p). This dependency is due to the fact that ()2 and (), are dependent. On the
other hand the choices of cliques forming G, (n, m,p) and G (n,m,p) are independent.
Therefore ideas used in proving (4.11) might also be used here to show that we may couple
Ga (n,m,p) UG (n, m,p) with Go(n, P24 ) and an independent vertex collector process in
such a manner that with high probability G, (n,m,p) C Ga(n,pey) and the construction
of G5 (n,m,p) is finished in at most 7} draws.

With the second moment method we may show that if

Si=n (lnn—l— (k—1)In (max{l, <%lnn>}> +cn) ,  Cp — —00,
1

then with high probability there exists a vertex of degree at most k — 1 in Ga(n,pay)
which has not been collected in T'; draws of the vertex collector process. Therefore, by
the constructed coupling, with high probability there exists a vertex which has degree at
most k — 1 in G, (n,m,p) and is isolated in G, (n,m,p). Hence

ILm Pr{6(G (n,m,p)) > k} = 0. O

Sketch of the proof of Lemma 5.2 (ii). We use a similar reasoning as in the proof of (i).
We may concentrate on the case ¢, = O(Inn) and S12/S; > 1/Inn. Let k > 2, then

gQ (nu m7ﬁ) U g}k-ﬁ-l (n7 muﬁ) g g (na m7ﬁ)

As before, we may construct a coupling of Gy (n,m,p) U Gspy1 (n,m,p) with Ga(n, pa_)
and an independent vertex collector process with at least T draws where

S12 — 2wy/S12 — 282 ,n~? .
py = 2T 2(23 12" T_=max{o,sl—zsl,t—kw§,}.
2 t=2

In this coupling with high probability Gs(n,ps—) C G (n,m,p) and the construction of
Goka1 (n,m,p) takes at least T draws.
By the first moment method we may show that if

k
Sp — ZSU =n (lnn—|— (k—1)In (max{l, (%hln)}) +cn) . Cp — 00,
1

t=3

then with high probability each vertex has degree at least k in Ga(n, p_) or is collected in
T draws in the vertex collector process. Therefore, by the coupling, with high probability
each vertex has degree at least k in Gy (n, m,p) or is not isolated in Gsyy1 (n,m,p). This
implies that with high probability each vertex has degree at least k in Gy (n,m,p) U
Gok+1 (n,m,p) and

lim Pr{6(G (n,m,p)) 2k} =1 forc, — occ. O

n—o0
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Sketch of the proof of Lemma 5.3. The main ideas behind the proof of Lemma 5.3 are
the same as in the proof of Lemma 5.2. As before, we may restrict ourselves to the case
S; ~ nlnn (recall that p(1 — (1 — p)"~1) = S;/nm). We divide the proof into cases,
depending on the value np (recall that the expected size of V; is EX; = np, 1 < i < m).
For convenience in the case p = (p,...,p) we replace p by p in notations G, (n, m,Dp),
Gorr1 (n,m, D), Gt (0, m, D).

If S1o=0(S1/1nn) and S;; = O(S;/Inn) then the result follows by Lemma 5.2.

Otherwise Sy > S1/Inn or Sy > Si/Inn (ie. np <Ilnlnn+ (k—1)Inlnlnn —w
for some w = w(n) — o0). For ¢, — —oo we use either the division G4 (n,m,p) U
Gi (n,m,p) or the division G (n,m,p) U Gy (n,m,p). For ¢, — oo we use the division

Uf:Q gQ (TL, map) U g2k+1 (n7 map) O

6 Structural properties of G2 (n,p2) U G3 (n, ps)

In this section we give several structural results concerning Gy (n, pa) U G (n, p3). Some
of the presented facts are analogous to those known for G (n, p2). Then we will combine
obtained results with the coupling constructed in the proof of Theorem 2.1 in order to
obtain the lower bounds on lim,,_.., Pr{G (n,m,p) € A}, for A being Cy, PM or HC.

For any graph G and any set S C V(G) denote by Ng(S) the set of neighbours of
vertices from S contained in V(G) \ S. For simplicity we write No(-) = Neymp,)(-) and
N3(-) = Ney(nps)ucsn,ps) (). Note that given an instance of Gy (n, p2) U G3 (n, p3) we have
[N2(S)] < [N3(5)]-

Lemma 6.1. Let k and C be positive integers and

0,1 o 1
P2 + 2]53 = nn) where liminf 0, =0 > = and 6,, = O(1),
. 0 1lnn e e po L / .
P2 = ,  where liminf#, =0 > = and 6, = O(1).
n n—00 2

Let moreover v be a positive real number such that 1 — 60" < v < 1. Then with high
probability G (n, p2) U G3 (n, p3) has the following properties:

(i) By — for all S CV such that n? < |S] < }Ln

[ N3(:5)] > 215].

(i) By — for all S €'V such that n” < |S| <

win

n

|N3(S)| > min{|S],4nlnlnn/Inn}
> min{|S|, (G2 (n,p2) U Gs (n,p3))},

where o(Gy (n, p2) U Gs (n, p3)) is the stability number of Gy (n, pa) U G (n, ps3).
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(111) Bsy — for all S CV, if 1 <|S| < n” and all vertices in S have degree at least 4k+14
in Gy (n,p2) U Gs (n, p3) we have

[Ns(S)] = 2k[S].

() Byc — any two vertices of degree at most C are at distance at least 5.

(v) Bs — contains a path of length at least

( 91112)
1-— n.
Inn

Proof. (i) and (ii) By Chernoff’s inequality (for the proof see for example Theorem 2.1 in
[13]) for any 6 = §(n) = o(1) and any binomial random variable X = X,, we have

Pr{X < /EX} < exp(—EX(dlnd+1—10)) = exp(—(1 + o(1))EX).

First consider the case n” < |S| < 4nlnlnn/Inn. Let s = |S|. Then |No(S)| has
binomial distribution Bin (n — s,1 — (1 — p3)*) with the expected value E|Ny(S)| > 2|S5].
Denote by X the number of sets S of cardinality n” < |S| < 4nlnlnn/Inn such that
|N2(S)| < 2|S|. Using Chernoff’s inequality we get

4nlnlnn/Inn
n
EX < —(1 1 — 1—(1—1p9)°
> (3)ew om0 -0 -p)
n/(Innlnlnn) n
< 1 1-)—1 1 )
S:Zm exp (s( +1In— (1+ o(1))snps
dnlnlnn/Ilnn

+ Z exp (5 (l—l—lng) _n2ln0;nn)

s=n/(Innlnlnn)

n/(Innlnlnn)

< Z exp(s(l1+(1—v)lnn— (1+0(1))0" Inn))

4nlnlnn/Inn
¢ lnn

S eXp<s((1+0(1))1nlnn—m))

s=n/(Innlnlnn)
=o(1).
Therefore with high probability for all sets S C V, n? < |S| < 4nlnlnn/Inn, we have
|N2(S5)] = 2[S].

Now consider the case |S| > 4nlnlnn/Inn. Let r = 4nlnlnn/Inn. Let moreover K,
and K, , be the complement of the complete graph on r vertices and the complement of
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the complete bipartite graph with each set of bipartition of cardinality r. Denote by X,
and X, , the number of K, and K, , in G5 (n,ps2) U G (n, p3), respectively. Then

EX, = (Z) (1 p2) B (1 — ) D)+ ()0
< (@ exp <—g (P2 + (n —r)p3) + 0(1)))T

r

1 T
< < cnn exp(—?@nlnlnn)> =o(1)

41lnlnn

and

2
EXT,T‘ < (Z) (1 — ﬁQ)rz(l _ﬁ3)2(;>7’+7“2(n—27")

2r

< (% exp (—g(ﬁg + (n —2r)p3) + o(l))) = o(1).

Therefore with high probability X, = 0 which implies that with high probability
a(Ga (n,p2) U Gs (n, ps)) < 7.

Moreover with high probability X, , = 0 thus with high probability for any S C V such
that r < |S| we have
N3(S)=n—|S|—r.
(Otherwise Gy (n, p2) U G5 (n, p3) would contain K,,..)
Therefore with high probability for any S C V such that r < |S| < 2n/3

N3(S) = min{|S|,r} = min{|S|, (G2 (n,p2) U G3 (n,p3))}
Moreover with high probability for any S C V such that r < |S| < n/4 we have
N3(S) =n—|S|—r>=2|S|.

This finishes the proof of (i) and (ii).

(iii) For any two disjoint sets S C V and S” C V we denote by e(S,S") the number of edges
in Go (n,p2) U G5 (n,ps) with one end in S and one end in S” and by e(S) the number
of edges in Gg (n,p2) U G5 (n,p3) with both ends in S. We will bound the numbers e(S5)
and e(S,S5") for S CV and S C V\ S such that 1 < [S| < n? and |S'| = O(]S]). Let
k be a positive integer, S TV, 8" CTV\ S, S| =s,1<s<n” and |5 = 2ks. A pair
{v,v'} (ve Sand v €5)is an edge in Ga (n,pa) U G5 (n, ps) if at least one of the three
following events occurs:

e {v,v'} is an edge in G; (n, Pa),

e there is a hyperedge {v,v’,v"} with v" € V\ (SUS’) in H3(n,p3) associated with
G3 (na ]53)’
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e there is a hyperedge {v,v’,v"} with v € S US" in Hj(n,p;) associated with
G3 (naﬁ?))'

The union of the two first events occurs with probability at most ps + (n — (2k +1)s)p3 =
O(Inn/n) independently for all v € S and v" € S’. Moreover each hyperedge of Hs(n,p3)
with all vertices in S U S’ appears independently with probability p3 = O(Inn/n?) and
generates two edges between S and S’ in G5 (n, p3). Therefore

Pr ¢ 3sgcy, e(S,5") = 4(k+1)|5]
|S'|=2k| S|
1<|S|<n”

<3 () () [t ok
N ((3)2’“ + (255)8> ﬁmnsl

(k+1)s 3
5

p— (O(l) (g)Qk“ (Slzn)Qk-ﬂ)S
fom e ()]
<O(1) nl—wn)s + <O(1)1nk;1 n>]

n”Yy

Similarly

Pr{ascv 6(5) 25‘5’}

1§|S|§nW

<> (1) [((2)) (52 + (0 95 + (“)p]
< 2 (0(1)%)8 n <0(1)7}Lr11_7:)3

=o(1).

Therefore with high probability for any set S (1 < |S| < n”) of vertices of degree at least
4k + 14 in Gy (n, p2) U G3 (n, p3) we have

[N5(S)] = 2k[S].
Otherwise for S = N3(.S) there would be |S’| = |N3(S)| < 2k|S| and e(S, N3(S))+2¢(S) >
(4k 4 14)|S], i.e. e(S, N3(S)) = 4(k + 1)|S] or e(S) = 5|95].
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(iv) The probability that in G5 (n,p2) UG35 (n, p3) there are two vertices of degree at most
C' at distance at most 4 is at most

3
n’ Z n'(pg + nps)'t!
=0

/2], m—1—
: EC:E: ("2 5 n—1-1 5%

i=0 ;=0

2
(1 i ﬁs)@-;-l)—(iw)
= O(l)n(lnn)20+46_2n(f’2+%ﬁ3) =o(1).
(v) Follows by Theorem 8.1 in [6]. O

Lemma 6.2. Let k be a positive integer and ps = pa(n) € (0,1), ps = ps(n) € (0,1) be

such that
) n . Inn+(k—1)Inlnn+ ¢,
p2+§p3: . )

(i) If k =1 and ¢, attains a limit (possibly 00) then

Pr{6(G2 (n,p2) UG5 (n,p3)) = 1} — f(cn),
where f(-) is defined by (2.5).

(i) If ¢, — oo then
Pr {6<G2 (n7ﬁ2> U G3 (naﬁ?:)) > k} — 1.

Proof. (i) Follows by Theorem 3.10 in [16].
(ii) Let X; be the number of vertices of degree 0 < t < k — 1 in G (n,p2) U G3 (n, p3).
Then

n—1 g : ~7 ~max{t—2i A~ \n—t— ~ n—1)_(t
s n( t ); ((fzi))pspg B0 (1 — ppyr=t71(1 — ) ("2 )=()
= O()n(Inn) exp(—Inn + (k — 1) Inlnn + ¢,) = o(1).
Thus with high probability X; =0 for all t < k — 1. [

Lemma 6.3. Let k be a positive integer and py and ps be as in (6.1). Let G(n) be a
random graph such that

G2 (n, p2) U G (n,p3) =1-0(1) G(n) (6.2)

and in the probability space of the coupling with high probability all vertices of degree at
most 4k-+13 in Gy (n, p2)UGs (n, ps) are at distance at least 5 in G(n). If Pr{d(G(n)) > k}
1s bounded away from zero by a constant then
Pr{G(n) € Cx|0(G(n)) = k} — 1, (6.3)
Pr{G(2n) € PM|6(G(2n)) > 1} — 1.
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In particular, if we substitute G(n) = G5 (n,p2) U G (n, p3) then by Lemmas 6.1(iv), 6.2,
and 6.3 we obtain the following result.

Lemma 6.4. Let py and p3 fulfil (6.1).
(i) If p2 + 5p3 = (Inn + c,)/n for ¢, attaining a limit (possibly £oc) then

Pr{Gs (n, p2) UGs (n,p3) € C1} — f(cn);
Pr{Gs(2n,p2(2n)) U G5(2n,p3(2n)) € PM} — f(can),

where f(-) is defined by (2.5).
(ii) If po + 5p3 = (Inn + (k — 1) Inlnn + ¢,)/n and ¢, — oo then
PI‘{GQ (n,ﬁg) U Gy (n,ﬁg) € Ck} — 1.

Proof of Lemma 6.3. Denote by G(n)s>x a graph G(n) under condition §(G(n)) > k. Let
A be a graph property. In what follows we will use the fact that if Pr{6(G(n) > k)} is
bounded away from zero and G(n) has A with high probability, then also G(n)s>) has
property A with high probability.

From now on we assume that Gy (n,ps) U G3(n,ps) and G(n) are defined on the
same probability space existing by (6.2). We call a vertex v € V small if its degree in
Go (n, p2)UGS3 (n, ps) is at most 4k+13. Otherwise we call v a large vertex. Let S C V and
|S] < n7. Denote by ST and S~ the subset of large and small vertices in S, respectively.
Then by Lemma 6.1(iii) with high probability

[N mysar (ST)| = [N3(ST)| = 2k[S™].

Moreover in G(n)ss, all vertices in S~ have degree at least k£ and with high probability
are at distance at least 5. Therefore with high probability in G(n)s>r no two vertices
in S~ are connected by an edge. Moreover they have no common neighbour. Therefore
with high probability [Ng )., (S7)| = k[S™|. We are left with the question how much
Ng(nyss, (S7) overlaps with Ng(n)s>x(S*)US*. This will give us the bound on the size of
Ng(nyss, (STUST). If there was a vertex v in S* and two vertices v’ and v” in S~ such that
v’ is a neighbour of v or its neighbour and v’ is a neighbour of v or its neighbour then v’
and v” would be connected by a path of length at most 4. Therefore with high probability
there are no such three vertices, i.e. for each v € St there is at most one vertex v’ € S~
such that v’ is a neighbour of v or of its neighbour. This implies that with high probability
at most |S™| vertices from S~ have neighbours in Ng(n)s=x(S™) U ST. Recall that each
of the remaining vertices from S~ has k neighbours outside Ng(n)s>,(ST)U ST and their
neighbour sets are disjoint. Thus with high probability

vSQVJ<|S|<7W|]\[(Gf(7l)§>k<5)| > |NG(71)§>1€<S+)‘ + kmax{\S*] - ‘SJr’vO} Z ]{?|S|

If we combine this with Lemma 6.1(i) and (ii) we get that with high probability

| Nemysar ()] = k. forall S CV, 1< 9] < g; (6.5)
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|N¢;,(n)5>1(5’)| > min{|S|,4nlnlnn/Inn} > min{|S|, «(G(n)s=k)}, (6.6)

for all S C V, 1< 8| < 2”,

| Nosan ()] = 219, for all SCV, 1< 9] < ﬁ (6.7)
Finally (6.3) follows immediately by (6.5). Moreover if (6.6) is fulfilled then G(n)s>; has
a perfect matching (for the proof see for example Lemma 1 in [5]). Therefore (6.4) follows.
(6.7) will be used later to establish a threshold function for a Hamilton cycle. O

Lemma 6.5. Let k be a positive integer, 6, and 0., be sequences such that liminf,,_, 6, =
0> 1 liminf, o0, =0 > 1, 60,0/ = O(1), and

n 0, Inn 0 Inn 576

P2+ —pP3 = , D2 = and py =

2 n n

Let moreover G(n) be a random graph such that:
(i) G2 (n,p2) UGs(n,ps) 21_o1) G(n);
(11) with high probability 6(G(n)) > 2;

(iii) in a probability space existing by (i) all vertices of degree at most 21 in Go (n, ps) U
G3 (n,p3) are at distance at least 5 in G(n).

Then
Pr {G(n) U Gq (n,ﬁ4) S /HC} — 1.

In particular, by Lemmas 6.1(iv) and 6.2 we get the following simple corollary of
Lemma 6.5.

Lemma 6.6. Let py and ps be as in Lemma 6.5. If moreover

Do + gﬁg = (Inn+Inlnn+ ¢,)/n where ¢, — 0o

then
Pr {Gg (n,ﬁg) U Gg (n,ﬁg) c HC} — 1.

Proof of Lemma 6.5. We will use the ideas from the proof of Theorem 8.9 [6]. Let t =
9n/Inn and pso = 64Inn/n? Then tpso = ps. For any graph G let [(G) be the length
of the longest path in G and I(G) = n if G has a Hamilton cycle. We say that G has
property Q if

G is connected and  |Ng(S)| = 2|5], for all S C V,|S| < n/4.

In the proof we assume that Go (n, p2) UG3 (n, p3) and G(n) are defined on the probability
space of the coupling existing by (i). Let Go = G(n) and

(G’i = Gi—l U G2 (n,ﬁ4,0) s for 1 < 1 < t.
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By Lemma 6.3, assumptions (i)-(iii), and (6.7) with high probability G(n) has property
Q. Moreover by Lemma 6.1(v) and the coupling from assumption (i) with high probability

1(Go) > <1 - 91“2) n.

lnn

It may be shown (see (8.7) in [6]) that

Pr {l(@z) =n—t+1— 1|Z<GZ_1) =n—t+i:—1 and Gi—l has Q}
< (1= pag)™ /P <2

Thus ;
Pr{i(G;) =n}>1- poi o(l)=1—-0(1)
Since
Gt = G(n) UGy (n,tpsp) ,
this finishes the proof. O

7 Threshold functions

Proof of Theorems 2.2-2.4. First let S; = n(Inn + ¢,) and pe and ps be given by (2.2).
Then by Lemma 5.1

lim Pr{G (n,m,p) € C;} < nli_)noloPr {6(G (n,m,p)) = 1} = f(cyp).

n—oo

Moreover for ¢, = o(Inn) by (2.2) and (4.7) we have

0, 1Inn ) 0/ Inn
and p, =

Prt o = with 6, — 1 and 8, — 1/2.

Therefore by Theorem 2.1 and Lemma 6.4(3i)

lim Pr{G (n,m,p) € C1} = lim Pr{G; (n,ps) UG3 (n,p3) € C1} = f(cn)
n—oo n—oo

In the case ¢, = Q(Inn) we may use the couplings described at the beginning of the

proof of Lemma 5.1. This implies Theorem 2.2(i). Similarly Theorem 2.2(ii) follows by

Theorem 2.1, Lemma 6.4(ii), and Lemma 5.2; Theorem 2.3 by Theorem 2.1, Lemma 6.4(i),

and Lemma 5.1; Theorem 2.4 by Theorem 2.1, Lemma 6.6 and Lemma 5.2. O

In the following proofs we will assume that ¢,, = O(Inn). In the other cases the theo-
rems follow by Lemma 5.1 or Theorem 2.1 (2.3) combined with known results concerning

G2 (n7ﬁ>
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Proof of Theorem 2.5. Let ¢, — —o0, then by Lemma 5.3
Pr{G (n,m,p) € HC} < Pr{d(G (n,m,p)) =2} — 0.

Let now ¢,, — oo. We will consider two cases:
CASE 1: m = Q(n/Inn).
Let
700 700

m' = 1+ — and m' =—m'.
Inn Inn

Then for p given by (2.6)

nplnn
e — 1

m'p(1 — (1 —p)" 1) zlnn+lnmax{1, } — 700+ o(1) + ¢,

and

. O(Ilnn) for np = O(1), (7.1)
2 (m/p)? = O(In*n)  for np — . '
m (
Let w — oo slowly enough. Define
4 m/p(lf(lfp)n_1)73m/p<1_(é;§p)n 7(17p)n—1)7w\/¥
Py = for nm’p (—1_(;;15”)” —(1— p)”*) > vVnlnn;
m’ _(1_m\n—1 —w Inn .
\ atmt p)n ) n— otherwise ;
/ m/p(l—(;;;jp)n 7(1*p)n_1>7w lnTn
o2 )
. &
p3 = for nm’p (%—(1—]9)”_1) > Vnlnn;
L0, otherwise ;
e
Moreover by (2.1) and (4.7), for large n,
mp (1G0T (140 ey (14o())T00.3:81 576
Ps = n n2 nZlnn = n -
Let now G(n) = G (n,m/, p). Then by Theorem 2.1
Gy (n,p2) U G3 (n, p3) o) G (n,m’,p) = G(n); (7.2)

=1
Go (n,P4) Z1-0(1y G (n,m",p).

Moreover by Lemma 5.3 with high probability §(G(n)) > 2. Therefore assumptions (i)
and (ii) of Lemma 6.5 are satisfied.

We are left with proving that assumption (iii) is satisfied. Let C be a positive integer.
We will show that in the probability space of the coupling (7.2) with high probability
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any two vertices of degree at most C' in Gs (n,p2) U G5 (n,ps) are at distance at least 5
in G (n,m',p) = G(n). Therefore we need to study the couplings described in the proof
of Theorem 2.1. If in the definitions of S, S3, My and M3 we replace m by m’ then
proceeding as in the proof of Theorem 2.1, we may show that

GQ (nupZ) U G3 (nuﬁ:’))

— G., (n Po ((Z) In(1 — ]52)1)) UGs (n Po ((Z) In(1 — ﬁz)l))

20 G, (n, Po (Sl — 3955 — 5w’\/S_1)> U G,s <n7 Po (Sg — 2w/\/5_1>>

2
jgz‘i’)o(l) Gy (7% 51— 3532— 4w \/§1> UG (n’ Sy — w/\/§1>
jgzilg(l) G*2 <n7 MQ) U G*3 (n7 Mg) - U (G*Q (n Yi— 3Z ) U G*3 (TL Z ))

1<i<m/

<G (n,m',p)

for some w' = O(w).

In the probability space of the above couplings, we will find a relation between the
degree of a vertex v € V in Gg (n,p2) U G3(n,ps) and the number of these features
w; € W (v) that are chosen by at least two vertices (i.e. the number of these features that
contribute to at least one edge in G (n,m’,p)). For any v € V in G (n,m/, p) let

W (v) ={w; € W(v) : [V/] > 2},

where V/ is defined in (4.3). We will find a relation between the degree of a vertex v in
Go (n,p2) UG5 (n,p3) and |W(v)| in G (n,m/, p).

To this end we will need an insight into the construction of the intermediary couplings
(i)-(iv). Recall that in the coupling (iv), the construction of G,z (n, Ma) U G.3 (n, M3)
proceeds in m’ rounds. In the i-th round G, (n, (Y; — 37;)/2) UG.s (n, Z;) is constructed
in X2 4 7, draws. In each draw a hyperedge of size 2 or 3 in H.o((Y; —3%;)/2) UH,5(Z;)
is chosen. Then V/ (in G (n,m/,p)) is formed from non isolated vertices of H,o((Y; —
3Z;)/2) UH,3(Z;) and possibly some extra vertices. The number of extra vertices equals
Y; minus the number of non isolated vertices in HLo((Y; — 3%7;)/2) UH.,s(Z;) (i.e. also in
Gua (n, (Y; —32;)/2)UG.3 (n, Z;)). We will show that with high probability for each v € V
there is at most one w; € W’(v) such that v is isolated in H,o((Y; — 3Z;)/2) U H,3(Z;).
This will prove that with high probability for each v € V the number of draws in which
a hyperedge containing v is chosen is at least |W’(v)| — 1.

Given v € V and 1 < ¢ < m/, denote by A, ;1 the event that v is an isolated vertex in
Gua (n, (Y —32)/2) U Gys (n, Z) and by A, ;2 the event that v € V/. We will use these
events to compare the number of hyperedges in J, H.2((Y; —3Z;)/2) UH,5(Z;) containing
v with the number of features w; such that v € V/ (i.e. with the number |IW’(v)|). Denote
by A, the event that while constructing G, (n, My) U G,z (n, M3) there are less than

THE ELECTRONIC JOURNAL OF COMBINATORICS 24(2) (2017), #P2.10 32



|W'(v)| — 1 draws in which a hyperedge containing v is chosen. Then

Av g U(Av,i,l N AU,’Z'72) N (AUJJ N AUJQ)'
i#]

For i # j, (Avi1 N Ays2) and (A, j1 N A, j2) are independent and
Pr {Av,i,l U Av,i,Q} - 17
thus

m

Pr{A,} <

\)

) (Pr{Ay 11 Ay 12})?

(
_ (“;) (Pr {Api1} + Pr{d,1) — 1)

N
VRS
M ~
N———
—~
—_
|
=
3
_I_
S
=
—_
|
=
i

Therefore by (7.1)

Pr { U Av} <n(m!)%p* =0 (m%) = o(1). (7.3)

veY

Thus in the probability space of the couplings, with high probability for all v € V in
the construction of G,z (n, M) U G.3 (n, M3) the number of draws in which a hyperedge
containing v is chosen is at least |W'(v)| — 1.

Now we will find a relation between the number of draws in the construction of
Giaa (n, My) U Gys (n, M3) and the number of draws in the construction of

G5 (n,p2) UG (n, ps)
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= G <n Po ((Z) In(1 — @)1)) UG.s (n Po ((g) In(1 — pg)l)) .

Note that in the couplings (i)—(iii) in order to construct a graph G, (n, My) UG.s (n, M)
from G5 (n, p2) UG3 (n, p3) one performs some additional draws of hyperedges in auxiliary
hypergraphs H,s(n, -) U H,s(n,-). By the sharp concentration of the Poisson distribution
and (4.10) with high probability the number of additional draws is at most Kwvnlnn
for some constant K. Under the condition that the number of additional draws is at
most Kwv/nlInn, probability that a hyperedge containing v is chosen in at least 3 of the
additional draws is at most

() () -

3 n
Therefore, by the union bound, with high probability in additional draws for each vertex
v € V a hyperedge containing v is chosen at most 2 times. Combining this with (7.3) we
obtain that with high probability for all v € V in the construction of Gs (n, p2) UG5 (n, p3)
the number of draws in which a hyperedge containing v is chosen is at least |[W'(v)| — 3.

Now we will show the relation between the number of draws of hyperegdes and the
number of edges incident to v in G (n, p2)UG3 (n, p3). The difference between the numbers
is due to the fact that hyperedges containing given pair of vertices (edge) might be drawn
several times in the hypergraph H,o(n, -)UH,3(n, -) but there is only one edge in G5 (1, p2)U
G3 (n,ps3). Therefore the number of draws might exceed the number of edges. Note that
the number of draws made in the construction of G (n, p2)UG3 (n, ps) is a random variable
with the expected value at most S; = O(nlnn). Therefore by Markov’s inequality with
high probability the number of draws made in the construction of Gy (n, py) UG5 (n, p3) is
at most n1n*n. In addition the probability that a pair {v,v'} is contained in a hyperedge
chosen in a given draw is at most 6/n(n — 1). Therefore the probability that there exists
an edge in Gy (n, p2) UG5 (n, p3) drawn at least 3 times during the construction is at most

") ) w00

In conclusion, with high probability for all v € V the number of edges incident to v in
Go (n,p2) U G5 (n,ps) is at least half of the number of drawn hyperedges containing v,
which is with high probability at least (|W’(v)|—3)/2. Thus in the probability space of the
couplings with high probability for all v € V of degree at most C' in Gy (n, po) UG5 (n, p3)
we have |W/(v)| < 2C + 3.

Finally, the probability that there are two vertices v, v’ such that |W'(v)| < 2C + 3
and |[W'(v")| < 2C + 3 connected by a path of length at most 4 in G (n,m/, p) is at most

4 2043 40y o 2
n® > (m')'n'~p* - (Z ( l )(p —p(1=p)" ) [(1=p) +p(1 —p)""] )
= O(1)n(Inn)?Wexp (—2m'p(1 — (1 —p)" 1)) = o(1).
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This shows that assumption (iii) of Lemma 6.5 is fulfilled.
Therefore by Lemma 6.5 with high probability

G(n) U Gs (n, ?) € HC.

Thus in the case m = Q(n/Inn) the theorem follows by (7.2) and a straightforward
coupling of random intersection graphs.

576
G(TL) U G2 (na T) jlfo(l) g (n> mlap) U g (na mllap) = g (n7 map) :

CASE 2: m =o(n/Inn).
Note that in this case (2.6) and ¢, = O(lnn) imply that

Inn+ ¢,
om

for some ¢/, — 0o. Let m’ be such that m divides m’ and m’ ~ n/Inn. Take an instance
of G(n,m',p’) with the set of features W’ of size m’ and
, Inn+d
p = o
Divide W' into m groups of m'/m features. Denote by A; the set of vertices which
have chosen features from the i—th, 1 < i < m, group in G(n,m',p’). |A;| has binomial
distribution Bin (n,p”) for some p” < %p’ = p. Now take an instance of G(n,m’,p’) and
construct the sets V;, 1 <i < m, in G (n, m, p) by taking A; and additionally adding to V;
each vertex from V \ A; independently with probability (p — p”)/(1 — p”). This coupling
implies

G(n,m',p") <G (n,m,p).
From the considerations concerning the first case we have that with high probability
G(n,m’,p') € HC. Therefore also G (n,m,p) € HC with high probability. ]

Proof of Theorem 2.6. The technique of the proof is analogous to the technique of the
proof of Theorem 2.5. We consider two cases m = Q(n/Inn) and m = o(n/Inn). In
the first case the proof relies on Lemma 5.3 and Lemma 6.3. Moreover we have to use
the fact shown in the proof of Theorem 2.5, that in the coupling constructed in the proof
of Theorem 2.1 with high probability the vertices of degree bounded by a constant in
Go (n,p2) U G3(n,ps) are at distance at least 5 in G (n,m,p). The proof of the case
m = o(n/Inn) is the same as in the proof of Theorem 2.5. O

Appendix
A Proof of (4.7)

For 0 < p; < 1/2, using the fact that Ijx,.q = (1 — (—1)*")/2 and the properties of the
binomial distribution Bin (n, p;) we get

EY; = EY;]I{Eodd} + EY;Z]I{Yieven}
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= (EXiI{x,0day — El{x,=13) + EXilix,cven)
:7(14-(1—2])) L—2(1—p) 1)—1-7(1—(1—2])) N

>2. % (1+ (1 —2p)" " = 2(1 — p)" ™)

= QEYz‘H{Yiodd} =2 BEH{Yiodd} =6EZ;.
Moreover for 1/2 < p; <1 and n > 14

EY; = np(1 — (1 —p)"™") > 6 > 6EZ,.

B Detailed proofs of Lemmas 5.2 and 5.3

Proof of Lemma 5.2 (i). Let

Si=n(lnn+ (k—1)In(max{1,a,Inn}) +¢,), where a,, = % and ¢, - —oo.
1
If a,, = O(1/1nn) then S; = n(lnn+ O(1) 4+ ¢,). On the other hand, if ¢, = Q2(Inn) then
S1=n(nn+ (1+o0(1))c,) (because a,, < 1). In both cases by Lemma 5.1

Pr{é(G (n,m,p)) = k} < Pr{é(G (n,m,p)) > 1} -0 asn — oc.

Therefore we are left with the case a, = S12/S1 > 1/Inn and ¢, = o(lnn). Then
S12 — 00. We use the division

g (n? maﬁ) = g2 (n, m,ﬁ) U g;ﬁg (n, m,g_?) .

Using ideas similar to those used in the proof of Theorem 2.1 (see (4.11) and the discussion
below it) we may show that

g2 <n7 m?]_j) U g#? (na mvﬁ) —1-0(1) U g7’52 <n7 m?ﬁ)

<0 Gy (n, St + ;U\/ 51,2>

jgj:k())(l) G2 (nuﬁQ-l—) U g7£2 (TL, m)]_)) ) (B]')

where poy = (S12 + 2@\/5172)/2(2‘), Gio (n, (S12 + w\/SLg)/t) and G (n, m,p) are in-
dependent, and also Gs (n, p42) and Gxo (n, m,p) are independent.

We will first present a construction of coupling (x). Let Q9 be defined by (5.4). Then
G (n,m, D) = Gz (n,Q2). Set (S12+wy/S12)/2 = q4. Let Q2 = q. If ¢ < g5 then, in the
coupling, first we choose independently with repetition ¢ edges uniformly at random from
all 2 element subsets of V and add them to the edge sets of G,z (n, Q2) and G (n, qy) (if
edges repeat we add only one of them). Then we choose independently with repetition
q+ — q additional edges uniformly at random from all 2 element subsets of V. These
additional edges are added only to the edge set of G,z (n,qy). If ¢ > ¢4, similarly, we first
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choose with repetition ¢, edges and add them to the both graphs. Then we choose ¢ — ¢,
additional edges and add them only to G,s (n, Q). By (5.5) with high probability Q2 < g+
thus the coupling described above implies G, (n,m,p) = G2 (1, Q2) =1-01) Gi2 (7, ¢4).
Moreover ¢, is a number (not a random variable) and choices of edges in G,z (n,qy) are
independent of choices of edges in G5 (n, m,p). Therefore G,» (n, ¢4) and G4 (n, m,p) are
independent. The coupling (xx) is analogous to the one constructed in (4.13). Namely, we
use the coupling G.s (n,¢+) =1-01) Gz (n,Po ((5172 + 2w«/5172)/2)) = Gy (n,pay) (the
last coupling follows by (4.1) and inequality 1 — e™* < z).

Now we will study properties of Go (n,pi2) U Gzo (n,m,p). We will show that with
high probability there exists a vertex which is isolated in G (n,m,p) and has degree
at most k — 1 in G5 (n,p12). The construction of G.o (n, m,p) may be coupled with the
vertex collector process described in the proof of Lemma 5.1. This coupling proceeds in
the same way as the coupling of the construction of G (n, m,p) and the vertex collector
process, with one change: one omits the phases with ¥; = 2. By (5.1) and (5.7), in the
coupling with high probability the construction of G, (n,m,p) is finished before

S

wlnn

Thy =51 — S12 4+ 2w\/S1 +

draws, for w — co. Moreover, in the coupling, every vertex which has not been collected
by the end of the process, is isolated in G4, (n, m, D). Therefore we need to show that with
high probability there exists a vertex of degree k — 1 in Gy (n, p42) and is not collected in
T, draws of the vertex collector process independent of Gy (1, p.2).

Take any probability space on which we define the vertex collector process on )V and
G5 (n, pay ), in such a manner that they are independent. Let X, be a random variable
counting vertices which have not been collected during the vertex collector process in 75,
draws and have degree k — 1 in Gy (n, pay ). If

S1=n(lnn+ (k—1)In(a,Inn) + ¢,)

then for w tending to infinity slowly enough

1 1 S
5T2++(n—k)ﬁ2+:ﬁ(Sl+0(td\/$1+ : >)

wlnn

=Inn+ (k—1)In(a,Inn) + ¢, + o(1)

and
N SLQ Sl Qp, Inn
n n n
Therefore
™ (n—1\ ,_ N
EX, =n (1 - ﬁ) (k B 1)p§+1(1 — Do) :
1
Nn(/{: 0 (anInn)*texp(—Inn — (k — 1)In(a, Inn) — ¢,)
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and (as npay ~ aplnn — co)
2\ 2+ . n—2\ ., i\
EX, (X} —1) ~n® (1 - E) (1= part) ((k _ 1)P§+1(1 — o) " 1)
2\ 2+ n—2\ ,_ o)
2 ()
e \?
“((k—l)!) |

Thus by the second moment method with high probability X, > 0 as ¢, - —o0. By
(5.1), (5.7), and the coupling of G (n,m,p) with the vertex collector process we have
that with high probability there is a vertex which is isolated in G (n,m,p) and has
degree at most k — 1 in Gy (n, pay). Thus by coupling (B.1) with high probability there
is a vertex of degree at most k — 1 in G (n,m,p), i.e.

lim Pr{o(G (n,m,p)) =k} = 0. O

n—oo

Proof of Lemma 5.2 (ii). Let

k
S — ZSLt =n <lnn+ (k—1)In (max{l, (%hlﬂ) }) + cn> with ¢, — oo.
=3 1

If S; > nlnn then by Theorem 2.1 and the classical results concerning G (n, p) with
p > Inn/n we have
1 = lim Pr{é(Gs(n,p)) = k} < lim Pr{6(G (n,m,p)) > k}.
n—oo n—oo
Now let S; = O(nlnn). If S15/S1 = O(1/lnn) and S; = O(nlnn) then S; —
25:3 St =n(Inn+ O(1) 4+ ¢,). In this case we use the same reasoning as in the proof of
Lemma 5.1. We construct a coupling of the vertex collector process and the construction

of Gokt1 (n,m,p). By (5.1) and (5.6) the construction of Gsyy1 (n,m,p) does not finish
before

k
T_ =5 - Si;—ky/Si=n(lnn+0(1) + ¢,)
t=3

draws (recall that v/S; = O(v/nInn)). Therefore by the coupling and the classical results
on the vertex collector process [10] with high probability there is no isolated vertex in
g2k+1 (na mJ_?) Thus

lim Pr{d(G (n,m,p)) >k} = 1.

n—oo
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We are left with the case S; = O(nlnn) (which implies ¢, = O(lnn)) and a, =
S12/51 > 1/Inn (which implies S; 5 — oo and a, Inn — oo0). The proof uses the same
techniques as the proof of Lemma 5.2(i). As in (B.1) we may construct couplings

Go (n, pa—) U Gopir (n,m, D) 2100) G2 (n,m, ) UGopyr (n,m,p) 2 G (n,m,p), (B.2)

where po_ = (S12—2w+/S12)/2 (Z) and graphs Gy (n, po_) and Gy 1 (n, m, D) are indepen-
dent. Moreover we may couple a construction of Gsyy1 (n, m,p) with the vertex collector
process in such a manner that with high probability G-.1 (n,m,p) is constructed in at
least

k
T =5 — Z S1t— kv St =n(Inn +In (max{1, a,Inn}) + ¢, + o(1))

t=3

draws.

Consider any probability space on which we define the vertex collector process on
V and Gy (n,ps_), in such a manner that they are independent. Let X_ be a random
variable defined on this probability space equal to the number of vertices which have not
been collected during the vertex collector process with T draws and have degree at most
k—1in Gy (n,po_). If S =S8 .81, = n(lnn+ (k—1)In(a, Inn) +¢,) then for w tending
to infinity slowly enough

k—1
1 1
ET, + (n - k)ﬁQ, 2 E (Sl — ZSl’t + O <W\/S_1+ an2>>

=3
=Inn+ (k—1)In(a,Inn) + ¢, + o(1).

Moreover

A 5172 Sl Qp, hl?’L
p2_ ~Y —2 = an—2 = ('—')
n n n

and nps— = O(a, Inn) tends to infinity. Thus

EX:”<1_%>F(Si(nzl)%(1—ﬁ2f1i>u—ﬁzwk:

7=

= O(l)n<k _1 0] (anInn)"exp(—Inn — (k — 1) In(a, Inn) — ¢,)
:O“%k—n!

Therefore with high probability X _ = 0, i.e. with high probability each vertex is collected
in 7 draws or has degree at least k in G (n, po—). Note that if each vertex is non-isolated
in Gi.41 (n,m,p) or has degree at least k in Gy (n, m,p), then §(G (n, m,p)) > k. Therefore
coupling (B.2) implies that with high probability §(G (n,m,p)) > k. O
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Before we proceed with the proof of Lemma 5.3 we start with discussion on the
structure of G (n,m,p). From now on for p = (p,...,p) we replace p by p in notations
(o (n, maﬁ), g>k+1 (n7 m,ﬁ), g;ét (n7 maﬁ)-

Note that if np > Inm then with high probability UfZQ G; (n,m, p) is empty. Therefore
the number of vertices of degree at most k£ — 1 is the number of isolated vertices in
Gokr1 (n,m,p) (i.e. it might be approximated by the number of non—collected vertices
in the vertex collector process). On the other hand if np = o(m~'/?)) then with high
probability G (n,m,p) = Gs (n, m,p) and the number of vertices of degree at most k — 1
may be counted in the same manner as in a graph with independent edges. The proof of
Lemma 5.3 provides the discussion about what happens for np in between.

Proof of Lemma 5.3. Let

Inn k=1 Inn
an:an(p):(np)k_l ((enp_1> +€np_1> '

First we will prove that we may restrict our attention to the case S; ~ nlnn (ie. ¢, =
o(lnn)). Recall that p(1—(1—p)"~ 1) = S} /nm. Moreover, note that 0 < Inmax{1,a,} <
(k—1)Inlnn 4+ O(1) = o(Inn). Therefore, by monotonicity and continuity of f(z) =
(1 — (1 — )", for any p with ¢, = Q(Inn), ¢, — —oo, there exists p/, p < p/, with
¢ =o(lnn), ¢/, - —oo, such that

w1y _ Inn + Inmax{1,a,(p)} + ¢,

p(1—(1—p) <
m
Inn + Inmax{1, a,(p")} + ¢, .
in (p )} :p/(l_(l_p/) 1)‘

Thus
Pr{G (n,m,p) € Ci.} < Pr{G(n,m,p") € Cx}.

An analogous statement is true for p with ¢, — oo and p’ < p with ¢/, = o(lnn) and
¢/, — oo. From now on we assume that c, = o(Inn). Note that if m > In’n then p =
O(p(1—(1-p)" 1) =0(nn/m)=o0(1/Inn). This will allow us to use Lemmas 5.1
and 5.2.

We will also use some relations between a,, and values Sy ¢, t = 2, k. By (2.1)

t t—1(7 _ .\n—t
Sy m Pyt R P g o g

(t—1)! 1—(1—p)nt
where Sy and Sy, are defined by (2.1). Therefore for p = o(1)
np)t—1
Sl,t ~ ((t — 1)'>1(1£;9)—>—n_151’ for t = 2, ceey k. (B3)
Moreover if np? = o(1) then
k-1
<%flnn) + (k — 1)!%1nn~an. (B.4)
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We will divide the proof into cases depending on the value a,, (or equivalently np).

CASE 1. a, =0(1) (i.e. np > Inlnn+ (k—1)Inlnlnn + d, for some d € R).
In this case S1:/S1 = O(1/Inn) for 2 < t < k. Moreover In(max{1,a,}) = O(1).

Therefore S; = n(lnn + O(1) + ¢,) and S; — Zf:3 Si1t =n(lnn+ O(1) + ¢,). Thus the
result follows by Lemma 5.2.

CASE 2. a, > 0 (i.e. np<Inlnn+ (k—1)Inlnlnn — w, for some w — o).
First let ¢, — —o0.

Here we distinguish between a, ~ ((k — 1)!S1xInn)/S; (ie. Inlnn +w < np <
Inlnn + (k — 1)Inlnlnn — w, for some w — oo) and a, = O((S12Inn/S;)F 1) (ie.
np < Inlnn + d for some d € R).

For a,, ~ (k—1)!S, xInn/S; and a,, — oo we use the following division and couplings.

g (n7 map) =Gy (na m7p) U g;ﬁk (nv m7p) jl—o(l)

S /S
G., (m 1,k +de 1,k>

) g;ﬁk (n7 map) 5170(1) Gk(naﬁk+) U g;ék (na m>p) ) (B5)

where pry = (S1x +2+/S1k)/ k(g) (for more details on the construction of the couplings
see (B.1)). As in the proof of Lemma 5.2 the construction of G (n,m,p) in Gi(n, p4y) U
Gk, (n,m,p) may be coupled with the vertex collector process on V. Moreover by (5.7)
and (5.1) with high probability the construction of G (n, m,p) is finished in at most

S1

wlnn

Tk+ = Sl - Sl,k: + 2&}\/ Sl +

draws, for w — oo. Take any probability space on which we define independent: the
vertex collector process on V and Gg(n, pry). Let X, be a random variable equal to the
number of vertices which have not been collected during the vertex collector process in
T+ draws and have degree k — 1 in Gi(n, pry). For w tending to infinity slowly enough

wlnn

1 —1 1 S
—Tk+—|— <TL )ﬁk+ - — (51+O <W\/51+ L >)
n k—1 n

=Inn+Ina, + ¢, + o(1).

and by (B.4)
Doy~ Stk (ka)Sﬁnn N an 7
B nGo)  (R=DIGD)
Thus

I\ n—1\. =
B <1 - _) (kf - 1)pk+(1 — pr) )

n
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~n - (Z:D .m-exp <—% - (Z:DPH)

Nnman exp(—Inn —1Ina, — ¢,)
e
(k—1)!

and similarly

n

1 ((Z - f) ﬁH)Q (1= ) 26D-G2) -2

' (Z _ g)ﬁ’”(l - ﬁk+)2(2ii)—(2:§)-1]

(i)

Thus by the second moment method with high probability X, > 0 as ¢, — —oo (i.e.
with high probability there exists a vertex, which has degree at most k — 1 in G(n, pry)
or has not been collected in Ty draws). Thus by (5.1), (5.7), (B.5), and the coupling of
Gzi (n,m, p) with the vertex collector process with high probability

ILm Pr{d(G (n,m,p)) = k} =0.

2\ L+
EX, (X, — 1) ~n? (1 — —)

We are left with a,, = O((S12Inn/S1)*1). Then

Si=n(lnn+ (k—1)In (max {1, Slélnn}) +O(1) + ¢p).
1

Therefore the result follows by Lemma 5.2(i)

Now assume that ¢, — .
Here we use the couplings

k
U Gt(n7 th) U g>k+1 (TL, map)
t=2
k
S1: —wy/S
=1-0(1) U Gt (n, max {0, %}) U g>k+1 (n7 m,p) B.6
=2 (B.6)
k
jl—o(l) U Gt (n7 map) U g>k+1 (nv m7p)
t=2
=G (n,m,p)
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where

0, for S1; = O(wV/S1);
Gt = § Sii—2wy/Si—1S2 ;n—2 .
—~————, otherwise.
()
Therefore |
n _—
(t—l)qt/51t_ (W\/ Sl) (B?)
and by (2.1)
S
G < 5 =0 (mple™™) .

t(7)
Take any probability space on which we may define independent: the vertex collector

process and Uf:z Gi(n,q). Let X_ be a random variable equal to the number of vertices
which have not been collected during the vertex collector process in

k
To=5-Y Sie—kV/S (B.8)
t=3

draws and have degree at most £ — 1 in Uf:z Gt(n, ¢:). Note that if v has degree at most
k—1in Uf:z Gi(n,q), then for some 0 < ky < k — 1 and some sequence of integers
Ta,...,r such that S2F (& — 1)r, = ko

(i) thereis aset V' C V\ {v} of kg vertices such that for each ¢ there are r; hyperedges
in Hy(n,q:) (generating G¢(n, ¢;)) containing v and contained in V' U {v}.

(ii) and all hyperedges in UfZQ Hi(n, q;) containing v are subsets of V' U {v}.

Let r = Zf:z r+. Given a sequence s, ..., 7 such that ZfZQ(t —1)ry = ko, if ¢, = O(lnn)
then event (i) occurs with probability at most

(nk’_o ) 11 [(7)) ©emmnem

o1 )nt o photT (e717)”
O()(np)™ (mpe)
o) ()
Ola).

In the penultimate equality we have used the fact that mp(1 — e™") ~ Inn. There are
O(1) sequences of integers ry, . .., such that ZfZQ(t —1)r; < k—1, thus the probability
that there exists such sequence 7y, ..., r; that (i) and (ii) occur is at most

k
an H 1_Qt n 1 (I;:D
t=2
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Moreover by (B.7) and (B.8)

b S (0 i Lo (vt i)

=Inn+Ina, + ¢, + o(1).

Therefore finally

EX =n <1 — %)T O(ay) H(l — @t)(?:f)_(lfill) = o(1).

t=2

Hence with high probability X_ = 0. Thus by (5.5), (B.6) and the coupling of the
construction of Gsyi1 (n,m,p) with the vertex collector process with high probability
5(G (n,m,p)) = k. ]
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